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Akkur E., Türk F., Eroğul O.: Breast cancer classification using
a novel hybrid feature selection approach . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 67–83

Aravind T., Suresh P.: Development of an efficient deep learning
system for automatic prediction of power demand based on the forecasting
of power distribution . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 461–479

Baskar K., Vijayalakshmi P., Muthumanickam K., Arthi A.:
A novel authentication and access scheduling scheme to improve
the performance of WSN . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 205–224
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Hlubuček A.: Integration of railway infrastructure topological description
elements from the microL2

to the macroN0,L0
level of detail . . . . . . . . . . . . . . . 19–34
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